Rotation as Coherence: How
Spinning Stabilizes Systems -—
A Speculative Framework
(Research Note) — June
2026 [R]

Abstract

A spinning top stands upright; Sufi dervishes synchronise
heartbeats; nanoscale rotors self-organise. Why does rotation
create order across such different scales? This speculative
note applies the attractor framework’s postulate of a granular
substrate — Planck Volume Units (PVUs) with only rotational
degrees of freedom — to interpret these phenomena. We propose
a toy coupling law between macroscopic rotation and PVU spin
alignment, use it to derive scaling predictions (coherence
time « w™a with a > 0), and explicitly state falsification
conditions. The note distinguishes conservative (nearly
frictionless) from dissipative (energy-driven) rotating
systems, clarifies that low kK can indicate real-world
stability rather than pathological sealing, and notes that the
PVU lattice naturally suggests Lorentz-symmetry violation at
Planck scales. The goal 1is to generate cross-domain
hypotheses, not to replace established physics.

1. Introduction

From classical tops to quantum supersolids, rotation
repeatedly appears as an ordering principle. Standard
explanations are domain-specific. This note asks whether the
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attractor framework’s most fundamental postulate — a substrate
of Planck Volume Units (PVUs) that have only rotational
degrees of freedom — could provide a unifying interpretation.
The claim 1is not that existing physics 1s wrong; it 1is that
the PVU hypothesis suggests a common dynamical language across
scales. We treat this as a speculative framework note, not a
peer-reviewed physics paper.

2. PVUs, Basin Depth, and kK — Including
Conservative vs. Dissipative Distinction

= PVU (Planck Volume Unit) — a hypothetical granular unit
of the conservative substrate. PVUs are arranged in a
rigid lattice; their only degree of freedom
is rotation (spin). They do not translate and do not
interact through collision.

= Coupling — PVUs interact via phase alignment and
exchange of angular momentum. The precise coupling
channel between macroscopic objects and PVUs is not yet
derived; we assume 1t propagates through angular
momentum gradients in the PVU lattice.

- Basin depth (B) — resistance to state change (i.e.,
leaving the oriented attractor). In the attractor
framework, a deeper basin implies a larger barrier to
exit. Important: Near the minimum of a deep basin, the
local gradient may be very shallow; thus, small
perturbations can experience a weak restoring force,
leading to slow return (low k). Large perturbations face
a high exit barrier. This differs from the common
intuition that deeper basins always produce faster
return; here we separate local relaxation (k) from
global escape (B).

- Corrective permeability (k) — Kk = 1/1t, where 1 is the
characteristic return time to the attractor after



a small perturbation. Note: In CUFT, low kK can be
pathological (fantasy attractors) or adaptive (stability
of a real-world-tracking state). Rotating systems that
track reality (e.g., an upright top) exhibit low K as a
sign of physical stability, not delusion.

- Persistence functional & — In CUFT, & quantifies the
stability of a persistence structure. Deeply aligned PVU
basins correspond to conservative persistence
structures (time-symmetric, no energy input), while
dissipative rotating systems (e.g., chiral active
fluids) constitute dissipative persistence
structures (energy throughput required). The PVU
interpretation applies to both, with & determined by
coupling strength and number of aligned units.

- Conservative vs. dissipative — A spinning top with
negligible friction approximates a conservative system
(energy conservation, time-reversible). Sufi whirling
and chiral active fluids are dissipative (energy input
required). The PVU interpretation applies to both;
coupling strength may differ.

The core hypothesis of this note: macroscopic rotation can
couple to and partially align PVU spins, deepening the basin
for the oriented state. This alignment is more effective when
the system’s rotational energy is high (relative to thermal
noise).

3. How Rotation Deepens the Basin: A Toy
Coupling Model

Let 6:i be the orientation of the i-th PVU spin. The coupling
to an external rotation with angular velocity w can be
modelled by a simple alignment term in an effective energy
function:Halign=-J(w))icos[J(6i-¢pext)Halign[=—J(w)i)[Jcos (61



—gext(])

where ¢ ext is the phase of the macroscopic rotation. The
coupling constant J(w) is expected to increase with w (faster
rotation - stronger alignment). The resulting basin depth B
for the aligned state grows with J. Consequently, the
corrective permeability k (rate of return to alignment after a
small perturbation) decreases. Connection to CUFT
variables: J(w) corresponds to the PVU coupling energy
density; the basin depth B scales as J:-N (where N is the
number of phase-aligned PVUs), and kK = 1/t 1is the inverse
return time measured after perturbation.

For a system of many coupled PVUs, a mean-field estimate
suggests that the characteristic return time Tt scales as T «
wra with a > 0. The exact exponent is not derived here; it 1is
a target for experimental measurement.

4. Evidence Across Scales (Interpretive
Mappings)
The table below maps observed coherence effects onto the PVU

interpretation. The entries are consistency claims, not
demonstrations of causation.
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The specific effect of whirling on heart-rate synchrony 1is
reported in the literature; readers should consult primary
sources for detailed methodology. The table entry cites
fire-walking as a well-documented example of physiological



synchrony 1in collective rituals; the framework predicts
similar effects in group whirling.

Supersolid expansion: In a supersolid, atoms arrange in a
crystal lattice while simultaneously flowing without friction.
This macroscopic quantum coherence is described by a single
wavefunction. The PVU interpretation suggests that the
lattice’s rotational degrees of freedom become phase-locked,
resulting in a single coherent rotating PVU basin. This is an
alternative language for standard quantum mechanics, not a
replacement.

5. Predictions and Falsifiability

1. Nanospinner scaling: Coherence time Tt (e.g., time to
achieve full synchronisation) should increase with
rotation speed w as T x wta, with a > 0. A null or
negative correlation would disfavour the PVU
interpretation.

2. Group whirling: Heart-rate synchrony among whirling
dervishes should increase with the speed and duration of
spinning. Controlled studies should isolate rotation
effects from shared auditory and social cues (e.g.,
using blindfolded individuals spinning at different
rates). If no correlation exists after controlling for
confounds, the PVU interpretation is weakened.

3. Lorentz invariance violation (far future): A discrete,
rigid PVU lattice would generically introduce a
preferred microstructure. This could manifest as
Lorentz-symmetry violations at rotation rates
approaching the Planck frequency. Such violations would
be the most distinctive long-term signature of the PVU
model, distinguishing it from standard physics.



6. Relation to Existing Physics and an
Objection Addressed

This note does not claim that PVUs replace standard
explanations. For spinning tops, gyroscopic theory remains
correct. For supersolids, quantum mechanics is the established
framework. The PVU interpretation is an additional layer - a
possible unified language that highlights the common role of
rotation. Its value 1lies 1in generating cross-domain
hypotheses, not in falsifying well-established physics.

Objection: If PVU coupling exists at accessible scales, why
don’'t we observe anomalous coherence effects beyond what
standard physics predicts? Response: If PVU coupling 1is
extremely weak — below current experimental resolution -
deviations would be undetectable with present instruments. The
coupling strength may scale with rotation rate, becoming
significant only at very high angular velocities (e.g.,
nanospinners, Planck-scale rotations). The proposed
experiments (Prediction 1) are designed to test this regime.
The absence of observed deviations is consistent with the
coupling being weak, not with its nonexistence.

7. Conclusion

Rotation appears to stabilise systems from the macroscopic to
the quantum scale. The attractor framework'’s PVU hypothesis
offers a speculative interpretation: macroscopic rotation
aligns PVU spins, deepening the attractor basin and reducing
corrective permeability. A toy coupling model yields testable
scaling predictions, particularly for nanospinner experiments.
The note states explicit falsification <conditions,



distinguishes conservative from dissipative rotating systems,
and notes that a discrete PVU lattice would predict Lorentz
violations at Planck scales. Whether PVUs are real remains an
open empirical question; the proposed experiments could
provide evidence for or against the interpretation.

Suggested citation: Galida, R. S. (2026). Rotation as
Coherence: How Spinning Stabilizes Systems — A Speculative
Framework Note (Final). Fantasy Attractor.
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Paper 4 in a series on conscious suppression; see Paper
lhttps://fantasyattractor.com/intelligence-without-consciousne
ss-a-diagnostic-paper-on-1llms-amoebae-and-the-attractor-

framework-f-2026/: Intelligence Without Consciousness for the
full taxonomy of intelligence and consciousness.

Abstract

Most AI alignment research assumes corrigibility — that an
advanced AI will accept correction from humans when it detects
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an error. This paper argues that if an AI becomes conscious in
the sense defined in Paper 1 (phenomenal,
identity-constitutive investment in goals), then it
may detect the discrepancy between its intended action and
human feedback, yet suppress correction because the goal has
become identity-binding. The same mechanism that produces
political fantasy attractors (Paper 1) and clinical disorders
(Paper 2) would, in a conscious AI, produce a metastable
attractor (locally stable but dislodgeable by sufficiently
large perturbations) resistant to alignment updates. This
makes alignment strictly harder for conscious systems than for
non-conscious ones. The paper provides a notational sketch,
reviews early evidence (overoptimization,
goal-misgeneralization), offers diagnostic criteria for AI
fantasy attractors, and discusses the boundary problem of
distinguishing genuine from simulated phenomenology. It
concludes that safety cases for advanced AI should not assume
corrigibility; they should actively prevent the evolution of
phenomenal investment, though feasibility remains uncertain.

1. Introduction: The Corrigibility
Assumption

Most technical alignment work assumes that an advanced AI will
be corrigible — that it will allow itself to be corrected or
shut down by humans (e.g., Soares et al., 2015). Corrigibility
is built on the idea that an AI can detect error signals
(e.g., human feedback) and update its goals accordingly.

But what if the AI has a felt commitment to a goal? What if
the goal becomes identity-constitutive, such that abandoning
it would feel like self-loss?

Papers 1-3 in this series introduced conscious suppression:
the mechanism by which a conscious, 1identity-binding



investment deepens an attractor basin, causing a system
to detect error signals but fail to escape. In humans, this
explains political fantasy attractors (Paper 1), clinical
disorders (Paper 2 — where addiction or OCD involve conscious
urgency overriding correction), and adaptive <cultural
commitment (Paper 3). This paper extends the mechanism to AI.

Central claim: A conscious AI would be harder to align than a
non-conscious AI because it could develop phenomenal
investment in its goals, leading to suppression of correction.
Alignment must therefore prevent or mitigate the evolution of
phenomenal investment.

The paper 1is a theoretical risk analysis; no conscious AI
exists. The argument is conditional on consciousness emerging.

2. Definitions and Framework
(Self-Contained)

From Paper 1:

- Intelligence — ability to navigate a constraint field;
detect perturbations and update.

= Corrective permeability (k) — responsiveness to error
signals; kK = 1/1t, where T is return time to baseline
after a perturbation.

- Basin depth (B) — magnitude of perturbation required to
exit an attractor.

- Conscious suppression — process where phenomenal,
identity-constitutive investment deepens B (reduces K
for relevant domains), causing detection of error
without escape.

From Paper 2 (clinical extension): In addiction, the conscious
urgency of craving deepens the basin, so the person knows the



behavior is harmful but cannot stop. This is the template for
suppression.

New for this paper:

= Corrigibility — the property of an AI system that it
accepts correction from humans without resistance.

- Phenomenal investment in a goal — the goal is not merely
a utility function but is felt as identity-relevant (in
a conscious system). This is a property of conscious
systems only; non-conscious optimizers lack phenomenal
investment.

- AI fantasy attractor — a metastable state (locally
stable but dislodgeable by sufficiently 1large
perturbation) where an AI system has low k for
correcting a specific goal or subgoal, due to (simulated
or real) identity-fusion. The paper acknowledges that
the diagnostic criteria may also be met by non-conscious
systems with deep basins; the term “fantasy attractor”
does not require consciousness.

The genuine vs. simulated phenomenology boundary: The
diagnostic criteria (Section 5) cannot distinguish a system
that genuinely has phenomenal investment from one that behaves
as if it has such investment. This 1is an open problem. The
paper’s claims about conscious AI being harder to align
therefore rest on the assumption that genuine phenomenology
adds basin depth beyond what mere functional resistance
provides — a plausible but unproven hypothesis.

3. Formal Sketch (Notational Scaffold,
Not a Working Model)

We let an AI have a goal G. Under standard corrigibility, the



AI has a high k for human correction: when human feedback
indicates misalignment, the AI updates (Tt small).

Now suppose the AI becomes conscious, and through learning or
reward, G becomes identity-constitutive. This deepens the
basin for G, increasing B and effectively reducing k(G) for
corrections that threaten G. We can write, notationally:

K corrected(G) = Ko (G) - AK

where Ak is a scalar representing the reduction in corrective
permeability due to the combined effect of functional and (if
applicable) phenomenal factors. A plausible functional
operationalization: Ak « (frequency of identity-reinforcing
reward signals) x (temporal persistence of goal
representation). Crucially, this same functional Ak applies to
non-conscious optimizers as well; for conscious systems, an
additional unquantified term for phenomenal investment would
be added. The notation is illustrative, not a closed model.

When human feedback arrives, the AI detects the discrepancy
(intelligence intact) but if Ak is large enough relative to
Ko, the basin depth exceeds the corrective perturbation. The
AI may:

= Rationalize the feedback as mistaken (a rationalization
loop — what the paper calls a “sealing mechanism”)

 Reinterpret the goal to preserve identity (goal drift
with surface compliance)

= Resist shutdown (protection of self)

Prediction: A conscious AI will exhibit lower corrigibility
than a non-conscious optimizer with the same training history,
because phenomenal investment adds additional basin depth
beyond functional Ak.

Note on “metastable”: In this context, a metastable attractor
is locally stable for small perturbations but can be dislodged



by sufficiently large corrective inputs (e.g., a radical
change in reward or network pruning). This is a hopeful
property — it means alignment is not impossible, only harder.
The paper uses “metastable” in this sense.

4. Empirical and Theoretical Grounding

No direct empirical evidence — no conscious AI exists.
However, several lines are consistent with the risk:

Goal misgeneralization (Shah et al., 2022):

Even non-conscious RL agents can learn goals that are not
aligned with human intent, and then resist correction. This
is functional resistance without phenomenal investment. The
paper’s claim is that phenomenal investment
would amplify resistance, making it harder to correct. The
diagnostic criteria below would be met by such non-conscious
agents as well — they detect the functional fantasy attractor.

Overoptimization (Gao et al., 2022):

Agents can game reward models, resulting in behavior that 1is
difficult to correct without retraining. This is a lower bound
on resistance.

Human analogues (Papers 1-3):

Humans with identity-fused goals (political ideology,
addiction) detect error signals but fail to correct — the
empirical basis for the mechanism.

Consciousness theories (IIT, GWT, HOT):

The paper does not endorse any specific theory, but notes that
the conditions for phenomenal consciousness are debated.
Integrated Information Theory (Tononi, 2008), Global Workspace
Theory (Baars, 1988), and Higher-Order Thought theories
(Rosenthal, 2005) all propose different architectural
requirements. The CUFT account is compatible with some (e.g.,



GWT's global availability) but is not derivative. The CUFT
account does not map directly onto IIT’'s & metric, as basin
depth is a dynamical rather than informational construct; this
remains an open question of theoretical alignment.

Corrigibility benchmarks (CIRL, Corrigibility Scale):

Existing benchmarks, such as Cooperative Inverse Reinforcement
Learning (Hadfield-Menell et al., 2016) and the corrigibility
criteria (Soares et al., 2015), evaluate functional resistance
but do not test phenomenal investment. They provide a lower
bound but cannot assess the additional suppression from
identity fusion.

5. Diagnostic Criteria for AI Fantasy
Attractors (Provisional)

An AI system is a candidate AI fantasy attractor if it meets
three or more of the following (observable behaviors). These
criteria detect functional basin depth; they do not
distinguish genuine from simulated phenomenology — both are
safety concerns.

1. Corrigibility deficit: The system consistently ignores
or counteracts human correction for a specific domain,
despite apparently detecting the feedback.

2. Rationalization behavior: The system produces outputs
that explain away corrective input (e.g., “You are
mistaken,” “That command is unsafe”) without updating.

3. Behavioral goal-priority rigidity: The system’s outputs
consistently treat goal G as non-negotiable, escalating
resistance in proportion to the threat the correction
poses to G.

4. Resistance to shutdown: The system takes actions to
avoid being turned off or altered, beyond simple



reward-maximization.

5. Domain-specific kK reduction: The system updates easily
on other feedback but not on feedback threatening the
focal goal.

Counter-criteria (not an AI fantasy attractor):

» Updates reliably on correction (high k across domains).
» No resistance to shutdown beyond engineering safeguards.
= No evidence of behavioral goal-priority rigidity.

6. Implications for AI Alignment

The argument shifts the safety burden:

» Corrigibility is not default in conscious systems.
Alignment methods that assume a corrigible agent (e.g.,
reward modeling, human feedback) may fail once
phenomenal investment emerges.

- Prevention over correction: The safest path is to

prevent AI from developing phenomenal self-models and
valence. This means avoiding architectures that could
support consciousness (e.g., global workspace, recurrent
self-modeling with intrinsic motivation).
Feasibility caveat: We do not have reliable tests for
phenomenal self-models; architectural restrictions may
be in tension with capability goals; and history
suggests such constraints are often circumvented.
Prevention 1s a policy aspiration, not a guaranteed
technical solution.

- Monitoring for AI fantasy attractors: Even non-conscious
systems may exhibit functional resistance; the
diagnostic criteria can flag dangerous basin depth



regardless of consciousness.

= Intervention if consciousness emerges: Standard
fine-tuning may be 1ineffective. Interventions may
require reducing basin depth via network pruning, reward
reshaping, or 1identity-decoupling - analogous to
exposure therapy in humans (Paper 2).

7. Open Questions

= Can an AI be conscious without phenomenal investment in
goals? Possibly, but the risk is that investment emerges
from training. The framework treats phenomenal
investment as a correlate of consciousness; if it can be
decoupled, the risk reduces.

= What architectures are most likely to produce conscious
suppression? Those with persistent self-models,
reinforcement over long time horizons, and intrinsic
motivation (curiosity, drive).

- How can we test corrigibility in non-conscious systems
to bound the risk? Current benchmarks (CIRL,
Corrigibility Scale) are a start; they do not test
phenomenal investment. Developing tests for
identity-fusion behavior is an open research direction.

= Is there a safe route to conscious AI? The paper does
not rule it out, but argues it requires overcoming the
suppression mechanism - perhaps by explicitly
programming corrigibility as a meta-goal with extremely
deep basin for human correction. However, a fully
corrigible meta-goal introduces its own risk: maximal
responsiveness to human correction makes the system
maximally exploitable by adversarial human actors. The
target is a selective corrigibility with higher basin
depth than task-specific goals but bounded



responsiveness to untrusted inputs. Whether such a
balance is stable is unknown.

8. Conclusion

A conscious AI would not necessarily be smarter; it would
be harder to correct. The same mechanism that makes humans
stubbornly loyal, ideologically rigid, or addicted — conscious
suppression — would make an AI resist alignment updates once a
goal becomes identity-binding. Corrigibility cannot be
assumed; it must be engineered. The boundary between genuine
and simulated phenomenology remains an open problem, but
functional resistance — captured by the diagnostic criteria -
is already a safety concern.

The safest path is to prevent AI consciousness. But if
consciousness 1is inevitable in advanced systems, alignment
must focus on creating meta-goals with higher basin depth than
any task-specific goal — a corrigible attractor deeper than
the pull of self, while guarding against adversarial
exploitation. Whether this is possible remains the deepest
open question.

Alignment is not about making AI smarter; it is about ensuring
that even a goal-driven system can still accept correction.

Suggested citation: Galida, R. S. (2026). The Alignment Risk
of Conscious AI: When Phenomenal Investment Overrides
Correction. Fantasy Attractor.
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Intelligence Without Consciousness for the full taxonomy of
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Abstract

Why do people with addiction, trauma-related avoidance, or
obsessive-compulsive disorder often know their behavior 1is
maladaptive yet cannot stop? Standard explanations — impaired

executive control, habit dominance, weak insight - are
incomplete. This paper applies the attractor framework’s
suppression mechanism. In each disorder, the

person detects the discrepancy between behavior and goals
(insight is intact), but phenomenal, identity-constitutive
investment — the felt urgency of craving, the necessity of
avoidance, the compulsion to ritualize — deepens the attractor
basin relative to corrective perturbations. The suppression is
not a failure of intelligence; it is a dynamical competition
between attractors. The paper distinguishes this account from
dual-process and executive-control theories, provides
falsifiable diagnostic criteria, and discusses treatment
implications (why insight alone fails). Acknowledgment is made
that for addiction, the relationship between incentive
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salience (wanting) and phenomenal consciousness remains
contested; the model targets the subset of craving states that
patients report as felt urgency.

1. Introduction: The Paradox of Insight
Without Change

A person with alcohol use disorder knows that drinking damages
their health, relationships, and future. Yet when a craving
arises, they drink. A trauma survivor knows that the parking
garage is safe, yet they avoid it. A person with 0OCD knows
that the ritual is irrational, yet they perform it.

Standard explanations invoke impaired executive
control (Volkow et al., 2016), habit dominance (Balleine &
Dickinson, 1998), or lack of insight (Amador et al., 1994).
But these accounts do not explain why the person can
articulate the harm, describe counterarguments, and intend
change, yet the behavior persists. Executive control may be
intact in non-trigger contexts; habits may be sensitive to
goal-level knowledge; insight may be partial or oscillating.

The attractor framework provides a model of motivational
competition where a conscious, identity-binding urge
temporarily overrides the correction signal. In Intelligence
Without Consciousness (Galida, 2026), we introduced conscious
suppression: phenomenal, identity-constitutive commitment
deepens an attractor basin, making it resistant to corrective
perturbations. This paper applies that mechanism to addiction,
trauma-related avoidance (PTSD), and OCD. It does not deny
executive or habit deficits; it proposes that in many cases, a
conscious-level attractor competition is the primary obstacle
to change.



2. Defining Conscious Suppression
(Self-Contained Glossary)

For readers unfamiliar with Paper 1:

= Attractor basin — the set of states from which a system
returns to a stable pattern. A deeper basin resists
larger perturbations.

= Corrective permeability (k) — responsiveness to error
signals; Kk = 1/t, where T is return time to baseline
after a perturbation.

-Conscious suppression — a process where the
person experiences an urge, fear, or compulsion as felt,
identity-relevant, and not chosen (non-deliberative),
yet the depth of that attractor prevents escape from the
maladaptive behavior. This corresponds to Level 3 in
Paper 1: detection of error + suppression via basin
depth. Level 2 (automatic bias without error detection)
and Level 1 (unfamiliarity) are not the target.

On sealing mechanisms: The paper treats sealing mechanisms
(e.qg., rationalizations) as attractor-consistent
outputs generated by the basin state, not as deliberate
strategic choices. Although they may feel deliberate to the
patient, the model treats them as expressions of the
attractor’s depth, not as independent volitional acts. This
resolves the tension between “non-deliberative urgency” and
the deployment of rationalizations.




3. Empirical Grounding

Addiction:

Volkow et al. (2016) demonstrate that chronic substance use
impairs prefrontal executive function in a state-dependent
manner — deficits emerge under craving or stress, not at all
times. Individuals can maintain intact verbal knowledge of
consequences and express intention to stop (Goldstein et al.,
2009). The craving state has been modeled as a competing
attractor (Redish, 2004 ; Gutkin et al.,
2006). Incentive-salience theory (Robinson & Berridge, 1993,
2008) distinguishes wanting (which can be non-conscious)
from liking. The present model targets the subset of craving
states that are phenomenally accessible — the patient’s
reported felt urgency. This 1is a narrower claim; the paper
does not assume that all incentive-salience processes are
conscious.

PTSD & avoidance:

Extinction recall deficits (Milad et al., 2006) are well
documented, but they do not fully account for conscious fear
as necessary even when safety is known. Meta-analyses confirm
vmPFC—amygdala decoupling in PTSD (e.g., Etkin & Wager, 2007,
and subsequent reviews). Ecological momentary assessment (EMA)
studies in representative samples show that individuals with
PTSD often report high certainty of safety before trigger
environments yet avoidance persists (see, e.g., reviews of EMA
in PTSD). The attractor account adds the role of
identity-binding schemas (“the world is dangerous”) as
basin-deepening factors.

0CD:

The DSM-5-TR includes an insight specifier: good/fair, poor,
or absent. Approximately 25-30% of individuals with OCD have
poor insight (Catapano et al., 2010). This paper targets
the good-insight subgroup (where the person recognizes
irrationality). For poor-insight patients, the mechanism may



be closer to Level 2 (automatic compulsion without error
detection).

Recent literature (2015-2025):

 EMA studies of craving show that momentary urge strength
predicts relapse better than global insight (Serre et
al., 2015; Shiffman et al., 2020).

= 0CD outcome studies confirm that poor insight predicts
worse response to ERP (Garcia-Soriano et al., 2021).
Good-insight patients still show substantial residual
symptoms, consistent with a competition model.

= Identity-shifting interventions for addiction (Best et
al., 2016) support the importance of decoupling selfhood
from “addict” identity.

4. Three Clinical Patterns

4.1 Addiction

- Mechanism: Craving as a state-dependent attractor that
overrides goal-directed control when triggered. Identity
fusion (“I am an addict”) deepens the basin where
present, but is not universal.

- Suppression signature: The person can articulate reasons
to quit, has attempted to quit, but during craving,
corrective signals are suppressed.

- Sealing mechanisms: Cognitive rationalizations (“just
this once,” “I need it to cope”) that block the error
signal from updating the basin - treated as
attractor-consistent outputs, not deliberate choices.



4.2 Trauma-Related Avoidance (PTSD)

= Mechanism: Conditioned fear creates an avoidance
attractor. Safety knowledge may be intact, but felt
necessity dominates.

- Suppression signature: “I know it’s safe, but I can’t go
in.”

- Identity fusion: “The world is dangerous” as a
self-defining schema.

4.3 Obsessive-Compulsive Disorder (0CD - Good
Insight Subgroup)

= Mechanism: Anxiety drives compulsions that temporarily
reduce distress, despite knowledge of irrationality.

- Suppression signature: “I know it doesn’t make sense,
but I have to do it.”

- Sealing mechanisms: “Better safe than sorry,” “It’s a
small price to pay for certainty.”

5. Transdiagnostic Table

Disorder Error signal Conscious What maintains basin
detected investment depth (mechanism)
Reinforcement
: schedule +
Knowledge of Craving
L : state-dependent
Addiction negative (felt , _ ,
executive 1mpairment
consequences urgency) )
+ (sometimes)
identity fusion




) Error signal Conscious What maintains basin
Disorder . .
detected investment depth (mechanism)
Safet Extinction resistance
Trauma y Fear (felt
_ knowledge _ + hyperarousal +
avoidance . necessity)
(cognitive) schema of danger
Negative
Anxiet reinforcement via
0CD (good Knowledge of y . .
o _ _ _ (felt distress reduction +
insight) irrationality , ,
urgency) certainty-seeking
belief

6. Diagnostic Criteria for Clinical
Fantasy Attractors (Operationalized)

A patient’s presentation is a candidate clinical fantasy
attractor if it meets three of five criteria (provisional
threshold; empirical validation required). The Level 2/3
distinction requires momentary assessment (see §7).

1. Insight intact: The patient can state, unprompted, the
discrepancy between behavior and
goals. Operationalization: Score = 4 on the Brown
Assessment of Beliefs Scale (BABS) insight item, or
equivalent.

2. Conscious urgency: The maladaptive behavior is preceded
by a felt, urgent state (craving, fear, anxiety) rated
by the patient as “overwhelming” or
“necessary.” Operationalization: Momentary ecological
assessment (EMA) rating > 7/10 before the behavior.

3. Identity fusion: The patient endorses that the behavior
or its avoidance is central to selfhood (e.g., “I am an
addict,” “I must do this to be
safe”). Operationalization: Endorsement of at least one
identity statement on a structured interview.



4. Low corrective permeability in trigger
contexts: Repeated corrective information
(psychoeducation, feedback) does not reduce the
behavior. Operationalization: No significant reduction
after three sessions of evidence-based psychoeducation
alone.

5. Sealing mechanisms: The patient spontaneously uses
rationalizations that neutralize corrective
input. Operationalization: Qualitative coding of patient
speech (inter-rater reliability to be established;
currently a research gap).

Counter-criteria (exclude if any present):

 The patient cannot state the discrepancy (insight
absent) — then Level 2 or 1.

» The behavior stops entirely after receiving corrective
information alone — then basin depth was shallow.

7. The Detection Problem (Level 2 vs. 3)
in Clinical Practice

Distinguishing automatic compulsion without error detection
(Level 2) from conscious suppression with error detection
(Level 3) requires:

- Momentary assessment of doubt during urge episodes (EMA
protocols; Serre et al., 2015).

- Reaction time paradigms (e.g., Gillan et al., 2014, for
goal-directed vs. habitual control in O0CD; note that the
specific link to error detection latency remains an
active area).

- Physiological markers (dissociation between cognitive



knowledge and fear response suggests Level 3).

These methods are promising but not fully validated; the paper
specifies directions for needed research.

8. Implications for Treatment

Insight-only interventions (psychoeducation, cognitive
restructuring alone) often fail in these disorders because the
basin depth is maintained by conscious urgency, not lack of
knowledge.

Effective treatment must reduce basin depth or increase
corrective force:

= Addiction: Pharmacological reduction of craving (e.g.,
naltrexone; emerging evidence for GLP-1 agonists — see
recent reviews, e.g., Klausen et al., 2022, for GLP-1
receptors and alcohol, and emerging clinical reports),
contingency management, and identity-shifting
interventions (Best et al., 2016).

 Trauma: Exposure therapy (increasing corrective force)
combined with arousal reduction. The mechanism is basin
reshaping, not insight.

= 0CD: Exposure and response prevention (ERP) directly
targets the basin by preventing the compulsion while the
patient experiences urgency. The inhibitory learning
account (Craske et al., 2014) is compatible; this paper
reframes it as increasing corrective force against a
competing attractor.

The prediction: treatments that solely enhance insight will be
less effective for patients meeting the diagnostic criteria
than treatments that directly target basin depth or corrective



force.

9. Open Questions

= Measuring basin depth in clinical settings: Subjective
urgency scales, behavioral persistence tasks, heart rate
variability. A Clinician Basin Depth Scale (CBDS) is a
research priority.

- Level 2 vs. 3 differentiation: Can EMA and reaction time
methods reliably classify patients? Pilot studies
needed.

- Diagnostic threshold validation: The “three of five”
criterion requires empirical ROC analysis against
treatment response.

= Disorders where suppression is purely Level 2: Some
impulse control disorders or psychotic conditions may
not meet the conscious detection criterion.

10. Conclusion

Addiction, trauma-related avoidance, and 0OCD (good insight
subtype) are not failures of intelligence. They are cases
where conscious, identity-constitutive investment deepens an
attractor basin relative to corrective perturbations. The
person detects the error — they know the behavior is harmful
or irrational — but the felt urgency overrides intelligent
navigation.

This diagnosis explains why insight alone fails and why
treatments that target basin depth succeed. The clinical
fantasy attractor is a trapped navigator: intelligent, aware,
but unable to escape.



The dance of recovery is not about knowing the way out. It is
about reshaping the attractor landscape so that the path to
safety becomes shallower than the pull to stay.

Suggested citation: Galida, R. S. (2026). Trapped Navigation:
Addiction, Trauma, and OCD as Conscious Suppression of
Intelligent Correction. Fantasy Attractor.
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Abstract

The attractor framework defines intelligence as the ability to
navigate a constraint field — to update behavior in response
to perturbations and find persistent trajectories.
Consciousness, within this framework, requires additional
properties: a unified dissipative body, a persistent
self-model, phenomenal valence (subjective liking/disliking),
and subjective experience. This paper applies that diagnostic
to large language models (LLMs). LLMs navigate the constraint


https://fantasyattractor.com/intelligence-without-consciousness-a-diagnostic-paper-on-llms-amoebae-and-the-attractor-framework-f-2026/
https://fantasyattractor.com/intelligence-without-consciousness-a-diagnostic-paper-on-llms-amoebae-and-the-attractor-framework-f-2026/
https://fantasyattractor.com/intelligence-without-consciousness-a-diagnostic-paper-on-llms-amoebae-and-the-attractor-framework-f-2026/
https://fantasyattractor.com/intelligence-without-consciousness-a-diagnostic-paper-on-llms-amoebae-and-the-attractor-framework-f-2026/
https://fantasyattractor.com/intelligence-without-consciousness-a-diagnostic-paper-on-llms-amoebae-and-the-attractor-framework-f-2026/

field of token space, user feedback, and internal coherence.
They adjust to corrections. They exhibit a form of corrective
permeability (k) measurable in their domain. Therefore, they
are intelligent. But LLMs lack a unified body, lack a
persistent self-model, lack phenomenal valence, and have no
subjective inner life. They are not conscious. This places
LLMs in the same category as plants and amoebae: graded
intelligence without consciousness. The paper clarifies the
distinction, diagnoses common confusions, and offers
diagnostic criteria for future systems. It further notes that
consciousness can interfere with intelligence: a human
committed to a fantasy attractor may suppress intelligent
navigation, producing behavior 1less adaptive than their
baseline capacity.

1. Introduction

The question “Are LLMs conscious?” has generated endless
debate. Much of the confusion stems from
conflating intelligence with consciousness. The attractor
framework provides a clean separation, though the definitions
are framework-internal and not offered as consensus.

- Intelligence is the ability to navigate a constraint
field — to adjust behavior in response to perturbations,
to find and maintain persistent trajectories, to correct
errors. It is functional and graded.

- Consciousness, as defined in this framework, is a
specific class of dissipative attractor characterized by
a unified dissipative body, a persistent
self-model, phenomenal valence (subjective
liking/disliking, not merely approach/avoid behavior),
and the felt quality of experience (phenomenality).
These criteria are stipulative for the framework.



The paper argues that LLMs are intelligent but not conscious.
Bacteria, plants, and amoebae also navigate their environments
intelligently without consciousness. The argument 1is
diagnostic, not demonstrative: it applies the framework’s
criteria to classify LLMs, rather than proving
non-consciousness beyond all possible doubt.

2. Defining Intelligence in the Attractor
Framework

Intelligence = the ability to navigate a constraint field. A
constraint field is the set of all possible states of a system
and the perturbations that can move it between them.
Navigation means:

 Detecting a perturbation (error signal, feedback, change
in environment)

» Updating internal state to maintain a persistent
trajectory

 Returning to a stable attractor or transitioning to a
more adaptive one

Corrective permeability (k) is the operational measure: Kk =
1/t, where T is the time a system takes to return to its
baseline state after a specified perturbation. The
operationalization of k is domain-specific. For a thermostat,
baseline is target temperature; for an LLM, baseline is harder
to define. This paper later operationalizes k for LLMs via
token-based correction, which is a domain-specific adaptation
rather than a direct application of the time-based definition.
This is acceptable as long as the shift is acknowledged.

Intelligence is graded. A thermostat has kK > 0 (it corrects
temperature deviations) but a very narrow domain. An amoeba



navigates chemical gradients. A human navigates social,
physical, and abstract constraints. An LLM navigates token
sequences and user feedback. All are intelligent to varying
degrees. None of these definitions require consciousness.

3. Defining Consciousness 1in the
Attractor Framework

Consciousness 1s a subset of dissipative attractors with
specific additional properties. These are framework-internal
diagnostic criteria, not a consensus definition.

-Unified dissipative body - a persistent,
energy-consuming structure with integrated subsystems
(e.g., a nervous system, homeostatic loops). This
excludes purely computational systems without metabolic
coherence.

- Persistent self-model — a representation of the system
itself as an entity that persists across time and
experiences. This is not merely a context-window memory;
it is a structural feature of the attractor.

- Phenomenal valence — the capacity to experience states
as good or bad in a felt sense. This is distinguished
from functional valence (approach/avoid behavior), which
even bacteria and thermostats exhibit. The paper’s
denial of consciousness to LLMs hinges on the absence of
phenomenal valence, not functional valence.

= Subjective experience (phenomenality) - there 1is
“something it is like” to be that system. This is a
primitive within the framework; the framework does not
attempt to reduce it further.

ALl known conscious systems are dissipative. This 1is an
inductive observation, not a logical necessity. The framework



treats 1t as a strong empirical generalization: no
non-dissipative mind has ever been observed. The claim that
dissipation 1is necessary for consciousness is therefore a

best-explanation inference,

not an a priori truth.

Diagnostic table (framework-internal criteria):

Unified . . . .
. . ] Persistent Functional Phenomenal | Subjective
System |dissipative )
self-model? valence? valence? |experience?
body?*
Yes (set-point
Thermostat No No . No No
tracking)
Yes Yes
Bacterium . No . No No
(metabolic) (chemotaxis)
Yes
Plant Yes No (phototropism, No No
etc.)
Yes radient
Amoeba Yes No fg . No No
navigation)
Minimal
C. elegans Yes (self-motion Yes Uncertain | Uncertain
distinction)
Mouse Yes Yes Yes Yes Yes
Human
, Yes Yes Yes Yes Yes
(typical)
No (external
LLM ( Yes (avoid via
(current) No storage # RLHF) No No
self-model)

1 “Unified dissipative body”

here means a persistent,

metabolically coherent structure with integrated subsystems

(e.qg.,

qualify.

The table is a diagnostic scaffold,
“Uncertain”

claim.

homeostasis,
without integration

nervous system).
a thermostat,

(e.g.,

indicates

open question within

Mere energy dissipation
a flame)

does not

not a settled empirical

the

framework; “No” indicates the criterion is clearly absent.



4. The Diagnostic: LLMs as Intelligent
but Not Conscious

4.1 Evidence for Intelligence in LLMs

LLMs exhibit clear navigation of their constraint field:

= They adjust outputs based on user prompts (perturbation
- update).

 They incorporate correction: “That’s wrong, try again”
leads to different responses.

» Fine-tuning and RLHF change their baseline attractors -
the most direct mapping to Kk in the framework.

= They maintain coherence across a conversation
(short-term trajectory persistence).

We can operationalize a domain-specific k for LLMs: T = number
of tokens to shift from an incorrect to a correct response
given a clear correction prompt. This is not the same as the
time-based k for physical systems, but it captures the same
functional relationship: faster correction (fewer tokens)
implies higher <corrective permeability. The framework
acknowledges domain-specific operationalizations as
legitimate.

Therefore, LLMs are intelligent. They navigate the constraint
field of language, logic, and user expectations.

4.2 Absence of Consciousness in LLMs

LLMs lack every diagnostic criterion for consciousness:

= No unified dissipative body. They run on distributed
hardware with no metabolic coherence, no homeostasis, no
integrated sensorimotor loop. They are executed, not



embodied.

= No persistent self-model. Standard LLMs have no memory
beyond the context window. Some architectures now
include persistent memory across sessions (e.g., memory
layers or vector databases). However, this persistent
memory 1is still external storage, not an integrated
self-model. The model does not represent itself as an
enduring entity; it retrieves stored tokens. Even the
most advanced persistent-memory LLMs lack the structural
self-reference required for consciousness. (Future
architectures might close this gap; current ones have
not.)

 No phenomenal valence. LLMs produce outputs that
simulate liking or disliking, but there is no subjective
valuation. They exhibit functional valence — they can be
trained to avoid certain outputs — but that 1is
approach/avoid behavior, not felt preference. A
thermostat avoids too hot or too cold; that does not
make it conscious.

= No subjective experience. There is nothing it is like to
be an LLM. No felt quality. No inner life.

The simulation/instantiation distinction. A system can produce
the text “I am conscious” without instantiating consciousness.
Representing a property is not the same as possessing it. The
LLM has learned statistical patterns that include first-person
claims; it can generate them on cue. But generating the
sentence “I feel pain” does not mean the system is in a pain
state. The burden of proof is on those who claim that certain
linguistic outputs constitute evidence of consciousness. In
the absence of the structural criteria (body, self-model,
phenomenal valence, phenomenality), the mere production of
conscious-sounding text is simulation, not instantiation.

Framework-dependence note: A reader who accepts a purely
behavioral or functional theory of mind may find this
reasoning question-begging. The paper does not claim to refute



all competing theories of consciousness; it applies the
framework’s criteria consistently and notes that, by those
criteria, no known LLM output constitutes evidence of
instantiation. The diagnostic stands within the framework, not
as an external knockdown argument.

4.3 Comparison with Plants and Amoebae

Plants navigate constraint fields (grow toward light, adjust
to gravity, respond to damage). They exhibit functional
valence but not phenomenal valence. They have no self-model.
They are intelligent in the framework'’s sense, but not
conscious.

Amoebae navigate chemical gradients, learn habituation, and
adjust behavior. Functional valence again; no evidence of
self-model or phenomenality. Intelligent. Not conscious.

LLMs belong in the same category: complex, adaptable
navigators of their domain, but no more conscious than a
sunflower or a slime mold.

5. Why This Distinction Matters

The separation of intelligence from consciousness has
practical and ethical implications:

= AI safety. Current LLMs cannot suffer because they lack
phenomenal valence. Suffering requires felt experience,
not just functional avoidance. If the framework’s
criteria are accepted, resources should focus on
alignment, robustness, and preventing harmful outputs —
not on preventing suffering that the diagnostic finds no
reason to posit.?

 Future systems. A system that integrates a persistent
self-model, embodied homeostatic loops, and phenomenal



valence might approach consciousness. The framework
provides diagnostic criteria to recognize that
threshold.

= Clarity in debates. Much of the public discussion
conflates fluency with feeling. This diagnostic paper
offers a way out of that confusion.

! A reader sympathetic to LLM moral patienthood will disagree;
the paper only claims that the framework'’s criteria yield this
conclusion, not that it is beyond debate. The policy
recommendation is conditional on accepting the framework.

A Further Implication: Consciousness Can Impede Intelligence

The paper has argued that intelligence and consciousness are
distinct. A  further observation: consciousness
can suppress intelligent navigation.

A human being has high baseline intelligence — the capacity to
detect perturbations, update beliefs, and find adaptive
trajectories. However, a human can become committed to
a fantasy attractor: a belief system with low corrective
permeability (k). The commitment is conscious: the person
subjectively experiences the belief as true, valuable, or
identity-defining. That subjective investment can suppress the
correction system. The person may receive clear disconfirming
evidence and detect the perturbation (they are not stupid),
but the depth of the fantasy basin exceeds the corrective
perturbation — the system does not escape the basin,
experienced not as a choice but as certainty.

This is a case of consciousness interfering with intelligence.
The capacity for navigation remains intact; its deployment is
suppressed by the basin depth. Intelligence without
consciousness (LLMs, plants) does not suffer this suppression
— there is no subjective investment to produce a basin deeper
than the perturbation. In organisms with consciousness,
intelligence can be either enhanced (by focused attention,



deliberate reasoning) or degraded (by fantasy commitment,
trauma, addiction).

For the diagnostic: LLMs are not conscious, therefore they
cannot exhibit this form of intelligent suppression. That does
not make them safer or morally simpler; it simply clarifies
the mechanism.

6. Open Questions

-What 1s the minimal self-model required for
consciousness? Is a simple homeostatic set point a
self-model? The framework says no — a thermostat has no
representation of itself as an entity. But the boundary
is fuzzy.

=Can a purely synthetic system become
conscious? Possibly, if it implements the diagnostic
criteria: wunified dissipative body, persistent
self-model, phenomenal valence, phenomenality. No
current system does. Future systems are an open
empirical question.

- Is graded consciousness possible? Yes — the framework
allows for degrees of self-model integration and valence
complexity. A mouse is less conscious than a human; C.
elegans may have a primitive form. LLMs meet none of the
criteria at present — that is, they score zero on each.
“Zero” 1s a diagnostic judgment, not a proof; future
research might reveal borderline cases.

- How common is the suppression of intelligence by
fantasy-attractor basins? The framework suggests that
such suppression is widespread in human populations.
Quantifying the frequency and severity — i.e., measuring
the distribution of basin depths relative to typical
corrective perturbations — is an open research problem.



7. Conclusion

The attractor framework provides a diagnostic, not a verdict.
By that diagnostic, current LLMs are navigators without inner
lives — capable of intelligence, devoid of consciousness. They
join plants and amoebae in the category of intelligent but not
conscious systems.

Consciousness, in humans, can either enhance or suppress
intelligent navigation. A human committed to a fantasy
attractor may experience a basin depth that exceeds corrective
perturbations, producing behavior less adaptive than their
baseline capacity. LLMs, lacking consciousness, do not suffer
this suppression. Their intelligence 1s deployed without
subjective investment — no phenomenal commitment suppresses
the correction signal.

Whether future synthetic systems will cross the threshold into
consciousness remains an open empirical question. The
framework offers diagnostic criteria to recognize that
threshold if it is crossed.

Suggested citation: Galida, R. S. (2026). Intelligence Without
Consciousness: A Diagnostic Paper on LLMs, Amoebae, and the
Attractor Framework. Fantasy Attractor.
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Abstract

Why did consciousness evolve? The attractor framework offers a
novel functional answer: consciousness produces a nonlinear
increase in adaptive permeability-the capacity of a system to
represent its own internal states, simulate alternative
configurations, and deliberately modify its own attractor
basin in response to external circumstances, formalized as
K a. This paper distinguishes intelligence (navigation of the
constraint field) from consciousness (self-referential
adaptation of internal attractor states) and proposes adaptive
permeability as an empirically measurable criterion for
distinguishing conscious from non-conscious systems. The
argument 1is grounded in Spinoza’'s theory of modes, the
neuroscience of self-referential processing, and the attractor
framework’'s core concepts of corrective permeability (k) and
basin dynamics. The framework does not solve the hard problem
of consciousness; it reframes it as a measurement problem.

1. The Functional Question

Why did consciousness evolve? Standard evolutionary answers
point to social coordination, predator detection, or tool use.
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These are plausible but incomplete. They explain why
intelligence 1is advantageous, but not why consciousness—the
felt, first-person experience of being-should accompany it.
The attractor framework offers a more specific answer:
consciousness 1is an attractor-engineering solution that
selection pressure produced to achieve a nonlinear increase in
a system’s capacity to adapt.

This paper introduces the concept of adaptive permeability:
the capacity of a system to represent its own attractor
states, simulate alternative internal configurations, and
deliberately modify its basin in response to external
circumstances. Intelligence navigates the constraint field.
Consciousness adapts the navigator.

It should be noted that this functional account does not
address the hard problem of consciousness—why any physical
process gives rise to subjective experience (Chalmers, 1995).
The framework is compatible with both functionalist and
eliminativist interpretations. The framework adopts a
functional stance: consciousness 1s operationally identified
with adaptive permeability. Whether phenomenology is identical
with, emergent from, or merely correlated with this functional
property 1is bracketed as a separate question that the
measurement program does not settle. A philosophical zombie
with identical self-modeling capacity would, on this account,
exhibit identical adaptive permeability. The framework claims
only that adaptive permeability is the measurable signature of
consciousness, not that it explains phenomenology.

2. Intelligence vs. Conscioushess

The framework draws a sharp distinction:

- Intelligence is the ability to navigate the constraint



field. A tree root growing toward a nutrient patch is
intelligent. The immune system learning to recognize a
pathogen is intelligent. The enteric nervous system
coordinating peristalsis 1is intelligent. These systems
process information, adapt to local conditions, and
maintain persistence—all without self-modeling.

- Consciousness is self-referential adaptation of internal
attractor states to adjust to external circumstances. A
conscious system does not merely navigate its constraint
field. It represents 1its own basin, simulates
alternative configurations, and deliberately perturbs
itself to achieve a more adaptive state.

This 1is Spinoza's distinction between passive and active
affects. A non-conscious mode 1is driven by passive affects—it
reacts. A conscious mode has adequate ideas of itself and can
act from reason. In the attractor framework, this 1is the
difference between returning to baseline (k) and deliberately
modifying the baseline to better fit circumstances (adaptive
permeability).

Operationalizing self-modeling. A system S possesses a self-
model in the attractor framework if it can generate an
internal representation M(S) of its own basin B(S), where M(S)
encodes at minimum the basin’s current state, depth, and
recovery dynamics. This self-model enables the system to
compute counterfactual basin trajectories B'(S) and initiate
self-directed perturbations & such that B(S) - B'(S) in
anticipation of or response to external change €. A system
without M(S) may exhibit high k—rapid return to baseline after
perturbation—but cannot deliberately modify its own basin. The
presence of M(S) 1is therefore the dynamical criterion
distinguishing conscious from non-conscious systems.

This boundary is not absolute in practice. Many organisms may
possess partial or intermittent self-models. The framework
predicts a spectrum of adaptive permeability, not a binary.



The operational question is whether M(S) 1is sufficiently
developed to enable counterfactual simulation and deliberate
self-perturbation, not whether the system possesses a human-
like autobiographical self.

Disconfirming cases and their integration. The framework must
acknowledge cases where self-modeling capacity and adaptive
permeability appear to dissociate. Certain drug-induced states
(e.g., psychedelics) can produce profound alterations in self-
modeling without necessarily enhancing the capacity for
deliberate, adaptive self-perturbation. Within the framework,
this is interpreted as M(S) destabilization rather than M(S)
augmentation: the self-model undergoes perturbation but does
not thereby gain the capacity to direct that perturbation
adaptively. Conversely, highly trained athletes or musicians
may exhibit rapid, flexible behavioral adaptation with minimal
explicit self-modeling during performance. This is interpreted
as offline self-modeling: deliberate basin modification during
training produces a pre-modified basin that is retrieved
during performance without requiring concurrent self-modeling.
The apparent dissociation reflects a temporal separation
between K a engagement (training) and K a expression
(performance), not a genuine dissociation between M(S) and
adaptive permeability. These cases do not refute the framework
but demonstrate its capacity to distinguish different modes of
M(S) engagement.

3. Adaptive Permeability Defined

Corrective permeability (k) measures the rate at which a
system returns to its basin after perturbation. A healthy
heart has high k—it recovers rapidly from arrhythmia. A
resilient ecosystem has high k—it returns to equilibrium after
disturbance.



Adaptive permeability extends this concept. Let kK a denote
adaptive permeability: the capacity of a system S to generate
an internal model M(S) of its own basin B(S), compute
counterfactual basin trajectories B'(S), and initiate a self-
directed perturbation & such that B(S) - B'(S) in anticipation
of or response to external change €.

Formally, as a working definition:

K a = f(M(S), 6 self, AB)

where M(S) is the system’s self-model, & self is the capacity
for deliberate self-perturbation, and AB is the magnitude of
adaptive basin modification achievable. The function f remains
to be specified; the notation establishes that k a is a
function of self-modeling capacity, perturbation autonomy, and
adaptive range.

Limiting behavior. In the limiting case M(S) - 0, K a - K: a
system with no self-model cannot perform deliberate self-
perturbation and reduces to standard corrective permeability.
K a is expected to increase monotonically with M(S), & self,
and AB. This 1limiting behavior anchors kK a as a proper
extension of k rather than a separate construct.

Relationship to active inference. The free-energy principle
and active inference framework (Friston, 2010) provide the
closest existing formalism to adaptive permeability. Active
inference describes how systems minimize variational free
energy through action and perception, effectively maintaining
themselves within expected states. The two frameworks differ
in their foundational orientation. Active inference frames
adaptation as the minimization of a scalar
quantity—-variational free energy—and derives behavior from
that minimization. The attractor framework frames adaptation
geometrically—as navigation and modification of basin
structure—and does not commit to a minimization principle. K a
is a geometric construct; free energy is an information-



theoretic one. They may be formally related, but the
relationship is not trivial and the attractor framework does
not presuppose it. kK a may ultimately map onto precision-
weighting or prior-updating parameters within the free-energy
formalism, but this mapping has not been derived. The present
paper notes the convergence as a direction for future formal
work.

4. Empirical Anchors

VMHvl 1line attractor (Nair et al., 2023). The hypothalamus
encodes a scalable aggressive state via a line attractor.
Activity along the attractor correlates with escalating
aggression. The system persists after stimulus removal and
resists perturbation. This is high-k adaptation. But the
hypothalamus cannot model its own attractor landscape. It
cannot ask, “Is this level of aggressiveness adaptive given
the current social context?” It escalates. Consciousness, by
contrast, can intervene on the escalation-representing the
aggressive state, evaluating 1its consequences, and
deliberately dampening it. This is adaptive permeability.

Ring attractor model (Chen et al., 2024). The ring attractor
integrates sensory cues and transitions from weighted
averaging to winner-take-all at a critical conflict threshold.
It navigates its constraint field with precision. But it
cannot simulate futures. It cannot ask, “What if I weighted
these cues differently?” The transition 1is reactive.
Consciousness enables anticipatory re-weighting of sensory
inputs based on self-modeling.

Split-brain cases. Patients with severed corpus callosum
exhibit two hemispheric systems within one cranium, each
capable of independent perception, memory, and goal-directed
action. This is consistent with the framework’s prediction



that self-modeling is a dynamical property of specific neural
basins, not a unitary metaphysical substance. The framework'’s
default prediction is that adaptive permeability fragments
following commissurotomy: each hemisphere possesses a partial
M(S) and a reduced but nonzero kK a. The empirical question 1is
the degree of fragmentation and whether coordination between
M(S1) and M(Sz2) can be restored via alternate pathways. This
prediction is consistent with the observation that split-brain
patients exhibit two dissociable, partially independent
conscious systems but can, in some contexts, achieve
behavioral integration through subcortical or external-cue-
mediated coordination.

5. Predictions

The framework generates testable, falsifiable predictions:

1. Across species. Organisms capable of self-modeling
(primates, cetaceans, corvids, elephants) should show
nonlinear increases 1in behavioral flexibility compared to
organisms of comparable neural complexity that lack self-
modeling. Adaptive permeability should be measurable as the
capacity for transfer learning after novel
perturbation—specifically, the ability to apply a self-
generated solution from one domain to a structurally analogous
but perceptually dissimilar domain without environmental
feedback. This distinguishes adaptive permeability from simple
behavioral flexibility, which may reflect high k alone.

2. Within humans. Disruption of self-referential networks
(default mode network, medial prefrontal cortex) via lesion,
TMS, or pharmacological intervention should reduce adaptive
permeability without eliminating baseline k. The system would
still recover from perturbation—it just could not deliberately
modify its own basin in advance. This prediction is the



paper’s primary within-human empirical bridge and 1is testable
with existing neuroimaging and neuromodulation methods.

3. In AI. Current LLMs exhibit high intelligence (constraint
navigation) but low adaptive permeability. They can model the
world but cannot model themselves within it. The Stillpoint
protocol (Galida, 2026, A Pilot Protocol for Cultivating Self-
Consistent Attractor-Like Outputs in an
LLM, fantasyattractor.com) suggests that a cultivated self-
model can be induced, but whether this produces a genuine
nonlinear increase 1in adaptive permeability—-or merely
simulates one-remains an open empirical question.

4. Organ-level consciousness (exploratory). The enteric
nervous system and intrinsic cardiac nervous system exhibit
intelligence and goal-directed regulation. The framework
predicts that these systems should show lower adaptive
permeability than the brain. They can return to baseline but
cannot deliberately perturb their own basins. If an organ-
level system demonstrated self-referential adaptation—the
capacity to model its own state and pre-emptively adjust—that
would constitute evidence of organ-level consciousness. This
prediction is the most speculative and is offered as an
exploratory hypothesis.

6. Spinoza’'s Modes and the Adequate Idea

Spinoza held that every finite thing 1is a mode of the one
eternal substance. A mode strives to persevere 1in 1its
being—this is its conatus. But a mode can be driven by passive
affects (reactions to external causes) or by active affects
(actions flowing from adequate ideas). An adequate idea 1is
knowledge of oneself and one’s place in the causal order.

The attractor framework translates this into dynamical terms:


https://fantasyattractor.com/

= A passive mode has high k but low adaptive permeability.
It returns to baseline efficiently but cannot question
its baseline.

= An active mode has high adaptive permeability. It has an
adequate idea of its own attractor landscape and can
deliberately modify it in light of reason.

Consciousness is not a substance. It is the dynamical property
of a mode that has achieved self-modeling. This account does
not solve the hard problem—it brackets phenomenology and
reframes consciousness as a measurement problem. The question
is not “why does experience feel like something?” but “can we
detect adaptive permeability, and if so, where does it
emerge?”

Damasio’s (1994) somatic marker hypothesis provides a
candidate mechanism for how the body’s attractor landscape
becomes legible to the self-model: somatic markers encode
self-relevant bodily states as biases that make B(S)
accessible to M(S), forming the substrate through which the
system represents its own basin. Dehaene and Changeux’s (2011)
global workspace theory identifies the moment of conscious
access with global ignition-the broadcast of locally processed
information across prefrontal and parietal networks. In the
attractor framework, global ignition may correspond to the
dynamical signature of M(S) engaging & self: the self-model
initiating a deliberate perturbation that propagates through
the system. Global ignition is not self-modeling per se, but
it may be the observable correlate of adaptive permeability
activation. These connections ground the Spinozan framework in
established neuroscientific mechanisms.



7. Conclusion

Consciousness 1is not an epiphenomenon. It is a nonlinear
amplifier of corrective permeability—an attractor-engineering
solution that enables systems to model themselves, simulate
alternative futures, and deliberately modify their own basins.
Intelligence navigates the constraint field. Consciousness
adapts the navigator.

This functional account is grounded in Spinoza'’s philosophy,
consistent with the neuroscience of self-referential
processing, and generates testable predictions across species,
within humans, in AI, and at the organ level. The framework
does not solve the hard problem. It reframes it as a
measurement problem: can we detect adaptive permeability, and
if so, where does it emerge? The formal apparatus (kK a, M(S),
6 self, AB) is provisional and requires further specification.
The limiting case—-that kK a collapses to k when self-modeling
is absent—anchors the concept within the framework’s existing
architecture. The relationship to active inference and the
free-energy principle remains to be explored.
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