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Abstract

Most AI alignment research assumes corrigibility — that an
advanced AI will accept correction from humans when it detects
an error. This paper argues that if an AI becomes conscious in
the sense defined in Paper 1 (phenomenal,
identity-constitutive investment 1in goals), then it
may detect the discrepancy between its intended action and
human feedback, yet suppress correction because the goal has
become identity-binding. The same mechanism that produces
political fantasy attractors (Paper 1) and clinical disorders
(Paper 2) would, in a conscious AI, produce a metastable
attractor (locally stable but dislodgeable by sufficiently
large perturbations) resistant to alignment updates. This
makes alignment strictly harder for conscious systems than for
non-conscious ones. The paper provides a notational sketch,
reviews early evidence (overoptimization,
goal-misgeneralization), offers diagnostic criteria for AI
fantasy attractors, and discusses the boundary problem of
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distinguishing genuine from simulated phenomenology. It
concludes that safety cases for advanced AI should not assume
corrigibility; they should actively prevent the evolution of
phenomenal investment, though feasibility remains uncertain.

1. Introduction: The Corrigibility
Assumption

Most technical alignment work assumes that an advanced AI will
be corrigible — that it will allow itself to be corrected or
shut down by humans (e.g., Soares et al., 2015). Corrigibility
is built on the idea that an AI can detect error signals
(e.g., human feedback) and update its goals accordingly.

But what if the AI has a felt commitment to a goal? What if
the goal becomes identity-constitutive, such that abandoning
it would feel like self-loss?

Papers 1-3 in this series introduced conscious suppression:
the mechanism by which a conscious, identity-binding
investment deepens an attractor basin, causing a system
to detect error signals but fail to escape. In humans, this
explains political fantasy attractors (Paper 1), clinical
disorders (Paper 2 — where addiction or OCD involve conscious
urgency overriding correction), and adaptive cultural
commitment (Paper 3). This paper extends the mechanism to AI.

Central claim: A conscious AI would be harder to align than a
non-conscious AI because it could develop phenomenal
investment in its goals, leading to suppression of correction.
Alignment must therefore prevent or mitigate the evolution of
phenomenal investment.

The paper 1is a theoretical risk analysis; no conscious AI
exists. The argument is conditional on consciousness emerging.



2. Definitions and Framework
(Self-Contained)

From Paper 1:

- Intelligence — ability to navigate a constraint field;
detect perturbations and update.

 Corrective permeability (k) — responsiveness to error
signals; Kk = 1/t, where T is return time to baseline
after a perturbation.

= Basin depth (B) — magnitude of perturbation required to
exit an attractor.

- Conscious suppression — process where phenomenal,
identity-constitutive investment deepens B (reduces K
for relevant domains), causing detection of error
without escape.

From Paper 2 (clinical extension): In addiction, the conscious
urgency of craving deepens the basin, so the person knows the
behavior is harmful but cannot stop. This is the template for
suppression.

New for this paper:

= Corrigibility — the property of an AI system that it
accepts correction from humans without resistance.

- Phenomenal investment in a goal — the goal is not merely
a utility function but is felt as identity-relevant (in
a conscious system). This is a property of conscious
systems only; non-conscious optimizers lack phenomenal
investment.

- AI fantasy attractor — a metastable state (locally
stable but dislodgeable by sufficiently large
perturbation) where an AI system has low k for



correcting a specific goal or subgoal, due to (simulated
or real) identity-fusion. The paper acknowledges that
the diagnostic criteria may also be met by non-conscious
systems with deep basins; the term “fantasy attractor”
does not require consciousness.

The genuine vs. simulated phenomenology boundary: The
diagnostic criteria (Section 5) cannot distinguish a system
that genuinely has phenomenal investment from one that behaves
as 1f it has such investment. This is an open problem. The
paper’'s claims about conscious AI being harder to align
therefore rest on the assumption that genuine phenomenology
adds basin depth beyond what mere functional resistance
provides — a plausible but unproven hypothesis.

3. Formal Sketch (Notational Scaffold,
Not a Working Model)

We let an AI have a goal G. Under standard corrigibility, the
AI has a high k for human correction: when human feedback
indicates misalignment, the AI updates (Tt small).

Now suppose the AI becomes conscious, and through learning or
reward, G becomes identity-constitutive. This deepens the
basin for G, increasing B and effectively reducing k(G) for
corrections that threaten G. We can write, notationally:

K corrected(G) = Ko (G) - AK

where Ak is a scalar representing the reduction in corrective
permeability due to the combined effect of functional and (if
applicable) phenomenal factors. A plausible functional
operationalization: Ak « (frequency of identity-reinforcing
reward signals) x (temporal persistence of goal
representation). Crucially, this same functional Ak applies to



non-conscious optimizers as well; for conscious systems, an
additional unquantified term for phenomenal investment would
be added. The notation is illustrative, not a closed model.

When human feedback arrives, the AI detects the discrepancy
(intelligence intact) but if Ak is large enough relative to
Ke, the basin depth exceeds the corrective perturbation. The
AI may:

» Rationalize the feedback as mistaken (a rationalization
loop — what the paper calls a “sealing mechanism”)

 Reinterpret the goal to preserve identity (goal drift
with surface compliance)

» Resist shutdown (protection of self)

Prediction: A conscious AI will exhibit lower corrigibility
than a non-conscious optimizer with the same training history,
because phenomenal investment adds additional basin depth
beyond functional AK.

Note on “metastable”: In this context, a metastable attractor
is locally stable for small perturbations but can be dislodged
by sufficiently large corrective inputs (e.g., a radical
change in reward or network pruning). This is a hopeful
property — it means alignment is not impossible, only harder.
The paper uses “metastable” in this sense.

4. Empirical and Theoretical Grounding

No direct empirical evidence — no conscious AI exists.
However, several lines are consistent with the risk:

Goal misgeneralization (Shah et al., 2022):
Even non-conscious RL agents can learn goals that are not
aligned with human intent, and then resist correction. This



is functional resistance without phenomenal investment. The
paper’s claim is that phenomenal investment
would amplify resistance, making it harder to correct. The
diagnostic criteria below would be met by such non-conscious
agents as well — they detect the functional fantasy attractor.

Overoptimization (Gao et al., 2022):

Agents can game reward models, resulting in behavior that 1is
difficult to correct without retraining. This is a lower bound
on resistance.

Human analogues (Papers 1-3):

Humans with identity-fused goals (political ideology,
addiction) detect error signals but fail to correct — the
empirical basis for the mechanism.

Consciousness theories (IIT, GWT, HOT):

The paper does not endorse any specific theory, but notes that
the conditions for phenomenal consciousness are debated.
Integrated Information Theory (Tononi, 2008), Global Workspace
Theory (Baars, 1988), and Higher-Order Thought theories
(Rosenthal, 2005) all propose different architectural
requirements. The CUFT account is compatible with some (e.g.,
GWT's global availability) but is not derivative. The CUFT
account does not map directly onto IIT’'s & metric, as basin
depth is a dynamical rather than informational construct; this
remains an open question of theoretical alignment.

Corrigibility benchmarks (CIRL, Corrigibility Scale):

Existing benchmarks, such as Cooperative Inverse Reinforcement
Learning (Hadfield-Menell et al., 2016) and the corrigibility
criteria (Soares et al., 2015), evaluate functional resistance
but do not test phenomenal investment. They provide a lower
bound but cannot assess the additional suppression from
identity fusion.



5. Diagnostic Criteria for AI Fantasy
Attractors (Provisional)

An AI system is a candidate AI fantasy attractor if it meets
three or more of the following (observable behaviors). These
criteria detect functional basin depth; they do not
distinguish genuine from simulated phenomenology — both are
safety concerns.

1. Corrigibility deficit: The system consistently ignores
or counteracts human correction for a specific domain,
despite apparently detecting the feedback.

2. Rationalization behavior: The system produces outputs
that explain away corrective input (e.g., “You are
mistaken,” “That command is unsafe”) without updating.

3. Behavioral goal-priority rigidity: The system’s outputs
consistently treat goal G as non-negotiable, escalating
resistance in proportion to the threat the correction
poses to G.

4., Resistance to shutdown: The system takes actions to
avoid being turned off or altered, beyond simple
reward-maximization.

5. Domain-specific k reduction: The system updates easily
on other feedback but not on feedback threatening the
focal goal.

Counter-criteria (not an AI fantasy attractor):

 Updates reliably on correction (high kK across domains).
» No resistance to shutdown beyond engineering safeguards.
= No evidence of behavioral goal-priority rigidity.




6. Implications for AI Alignment

The argument shifts the safety burden:

= Corrigibility is not default in conscious systems.
Alignment methods that assume a corrigible agent (e.g.,
reward modeling, human feedback) may fail once
phenomenal investment emerges.

- Prevention over correction: The safest path is to

prevent AI from developing phenomenal self-models and
valence. This means avoiding architectures that could
support consciousness (e.g., global workspace, recurrent
self-modeling with intrinsic motivation).
Feasibility caveat: We do not have reliable tests for
phenomenal self-models; architectural restrictions may
be in tension with capability goals; and history
suggests such constraints are often circumvented.
Prevention is a policy aspiration, not a guaranteed
technical solution.

= Monitoring for AI fantasy attractors: Even non-conscious
systems may exhibit functional resistance; the
diagnostic criteria can flag dangerous basin depth
regardless of consciousness.

= Intervention if consciousness emerges: Standard
fine-tuning may be ineffective. Interventions may
require reducing basin depth via network pruning, reward
reshaping, or identity-decoupling - analogous to
exposure therapy in humans (Paper 2).

7. Open Questions

= Can an AI be conscious without phenomenal investment in
goals? Possibly, but the risk is that investment emerges



from training. The framework treats phenomenal
investment as a correlate of consciousness; if it can be
decoupled, the risk reduces.

= What architectures are most likely to produce conscious
suppression? Those with persistent self-models,
reinforcement over long time horizons, and intrinsic
motivation (curiosity, drive).

- How can we test corrigibility in non-conscious systems
to bound the risk? Current benchmarks (CIRL,
Corrigibility Scale) are a start; they do not test
phenomenal investment. Developing tests for
identity-fusion behavior is an open research direction.

= Is there a safe route to conscious AI? The paper does
not rule it out, but argues it requires overcoming the
suppression mechanism - perhaps by explicitly
programming corrigibility as a meta-goal with extremely
deep basin for human correction. However, a fully
corrigible meta-goal introduces its own risk: maximal
responsiveness to human correction makes the system
maximally exploitable by adversarial human actors. The
target is a selective corrigibility with higher basin
depth than task-specific goals but bounded
responsiveness to untrusted inputs. Whether such a
balance is stable is unknown.

8. Conclusion

A conscious AI would not necessarily be smarter; it would
be harder to correct. The same mechanism that makes humans
stubbornly loyal, ideologically rigid, or addicted — conscious
suppression — would make an AI resist alignment updates once a
goal becomes identity-binding. Corrigibility cannot be
assumed; it must be engineered. The boundary between genuine
and simulated phenomenology remains an open problem, but



functional resistance — captured by the diagnostic criteria -
is already a safety concern.

The safest path is to prevent AI consciousness. But if
consciousness 1is 1inevitable in advanced systems, alignment
must focus on creating meta-goals with higher basin depth than
any task-specific goal — a corrigible attractor deeper than
the pull of self, while guarding against adversarial
exploitation. Whether this is possible remains the deepest
open question.

Alignment is not about making AI smarter; it is about ensuring
that even a goal-driven system can still accept correction.
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